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Good afternoon. My name is Jean MacQuarrie and | am the Vice President for
Healthcare Payment Integrity for Thomson Reuters. Thomson Reuters has been
engaged with our customers to ensure payment integrity for decades.

Slide 2: Agenda
In my brief time with you today | am going to talk about:

How Thomson Reuters views the problem of Waste in the U.S. healthcare
system, including fighting fraud and abuse

The importance of having clinically-based analytics in an effective Fraud,
Waste and Abuse (FWA) detection system

The importance of leveraging external data not on claims to help validate
claims accuracy, and

The need to Gold Card good providers so we can focus our data mining and
analytics on outliers

Slide 3: Documented Waste in the System

Thomson Reuters has written 2 white papers on the topic of Waste in the U.S.
Healthcare System.

“Where Can $700 Billion in Waste be Cut Annually From the U.S. Healthcare
System?”; and

“A Path to Eliminating $3.6 Trillion in Wasteful Healthcare Spending”
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Each brings together cited works estimating the size of the problem in the U.S.
healthcare system and offers strategies for eliminating waste in the healthcare
system, including mitigating fraud and abuse.

Slide 4: Fraud, Waste and Abuse Costs

The “$700 Billion Annual Waste White Paper” is broken down into 6 categories
including fraud and abuse. Our research shows that fraud and abuse amounts to
19% of the problem or $125 to $175 billion annually.

Slide 5: Clinically-based Analytics

The U.S. healthcare system is complex with providers treating patients differently,
for the same condition. Data mining alone is not sufficient to validate the
reasonableness of services being billed. Clinical intelligence must be imbedded in
analytic software to allow for identification of inappropriate bills. Additionally,
most fraud investigators are not physicians or professional claims coders.
Therefore, the software needs to accommodate the complexities of healthcare
for the investigator.

Slide 6: Clinically-based Analytics

The foundation of clinically-based waste and abuse detection systems like
Thomson Reuters Advantage Suite includes analytic constructs including:

Episodes of Care — Aggregates of inpatient, outpatient and drug claims into
disease categories with severity stages. Episode grouping enables
validating submitted claims against patients’ medical conditions, identifying
services that may be fraudulent or abusive.

Admissions — Group together all costs associated with a hospital stay
including the physician care.

Clinical measures and subsets are pre-constructed on the most common
and abused conditions like Diabetes and Narcotics.
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Clinical intelligence is added to the data. Fields like Drug Product Name,
Therapeutic Class and Clinical Intensity help investigation.

Clinical Methods like Benchmarks, Case-Mix and Age-Sex Adjustment are
necessary to determine true outliers.

These clinically-intense data additions save our clients hundreds and thousands of
investigative hours each month by allowing rapid and clinically-accurate data
mining. Congress has recognized the critical importance of predictive modeling in
the fight against fraud and waste and now needs to realize the critical importance
of clinically-intensive models to further advance the analytics essential to fraud,
waste and abuse detection and mitigation.

Slide 7: Diabetes Test Strips Without a Diabetes Episode

As an example, it is a well known fact that some types of fraud are pervasive and
they occur because it is hard with claims-based data mining to identify the
perpetrators. Having a clinically-based detection system is essential to identify
many of these issues. Diabetic test strips aren’t needed by patients without
diabetes. We use our episodes technology to identify patients getting test strips
and then make sure they have the clinical condition — diabetes. The subset
selection process allows an investigator to query the database for test strips. The
episode of care subset limits the selection to test strips not linked to diabetic
episodes. Now that I've selected these two subsets (and without having to
understand the complex coding around HCPCS and disease conditions), | can open
the report to analyze the test strip usage.

Slide 8: Diabetes Test Strips Without a Diabetes Episode

The report shows individual pharmacies and the number of test strips that they
dispense followed by the number of test strips without a diabetes condition. The
first pharmacy listed depicts that 94% of the test strips purchased were not for
beneficiaries with diabetes. For Alpine Valley Drugs, 99% of the test strips
weren’t associated with a diabetic episode. This could be an indication of either
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beneficiaries who are purchasing these items which are often sold at flea markets
or the pharmacy billing for supplies not delivered.

Slide 9: Medicaid FWA Surveillance

In Medicaid, the Payment Integrity SURS units run complex statistical analysis for
specific provider types, like Mental Health, Dentistry and Therapy Providers.

Slide 10: Medicaid FWA Surveillance

These complex reports rank providers by their degree of deviation from their peer
groups, based on numerous statistical measures calculated over time. The
comparisons to the peer group are automatically adjusted for the severity of
illness of the patient population so that the rankings are fair for the providers who
treat really sick patients. Good providers greatly appreciate this clinical
intelligence. It would take an investigator with a Business Intelligence tool
hundreds of hours to figure out how to perform dynamic and risk adjusted
benchmarking — all embedded in Thomson Reuters Advantage Suite fraud and
abuse tool.

Slide 11: Medicaid FWA Surveillance

With our clinically-based solution, these complex measures can be fine tuned by
our clients with just a few mouse clicks.

Slide 12: Linking Public Records Data to Claims for Enhanced FWA Detection

To investigate the providers who rank at the top of the report, we go to our
CLEAR public records data access solution. It is important to utilize public records
and other disparate data sources when we look for fraud and waste.
Investigators should not use claims data alone. Public records data sets include
Federal and State sanctions information for all states. Criminal history and
business relationships between suspicious providers also provide keen insights to
investigators. This data can be queried automatically as part of an integrated
fraud and abuse detection system and also is available as a standalone searchable
platform of which | will show an example next.
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Slide 13: Linking Public Records Data to Claims for Enhanced FWA Detection

This screen shows how easy it is to request a review of one of the ranked
providers.

Slide 14: Linking Public Records Data to Claims for Enhanced FWA Detection
And then we can see that the selected provider has 4 sanction records.
Slide 15: Ranked Provider Drill Down

This portion of CLEAR presents a Link Analysis Chart showing our provider’s
relationship to other corporate entities. These 2 providers were found to be
linked to a total of 19 providers, many on the board of directors of the other
providers —and as this shows, they work out of this strip mall which clearly
doesn’t seem to support the millions of dollars billed to Medicare by these
providers.

Slide 16: Oxycontin Abuse

Another area where the clinical enhancement of the data is invaluable in fraud,
waste and abuse detection is in the area of prescription drugs. One of the clinical
enhancements of the data is to apply drug classification data to claims using our
Redbook product. We add therapeutic class, whether or not the drug has a
generic alternative, and the DEA class of the drug, with Schedule Il meaning
“narcotics”. In this example, we start with a standard report and look at the Top
100 Drugs prescribed. As you can see, Oxycontin, a highly abused drug, is in the
top 10. The measures include net payment per script, the number of scripts used
per patient and the number of total scripts.

Slide 17: Oxycontin Abuse

To drill down, we select “DEA Schedule II” which is not a field included on the
claims. Oxycontin is the top Schedule Il drug prescribed.

Slide 18: Oxycontin Abuse
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To investigate Oxycontin users in more detail | can select a subset for just those
beneficiaries that have greater than 180 days of supply in a year. | use these
English words in my query instead of the hundreds of NDC codes for Oxycontin
and other Schedule Il drugs.

Slide 19: Oxycontin Abuse

Opening the report shows those people who have taken over 180 days of
Oxycontin. Note that many of those patients use other Schedule Il drugs in
addition to Oxycontin. One individual has 359 days supply of Oxycontin and also
has 178 days supply of other Schedule Il narcotics.

Slide 20: Oxycontin Abuse

Drilling down to this individual shows an 80-year old male, with uncomplicated
diabetes (stage 1.03) who has been prescribed 42 narcotics scripts. Performing
this clinical analysis for every drill down needed in a waste and abuse study would
take thousands of hours if a clinically-based detection system weren’t used.

Slide 21: Gold Card Low Risk Providers

The process of assigning Gold Card status to providers who routinely bill
appropriately reduces the necessity to apply these advanced analytics to each and
every claim submitted. Investigators can spend the majority of their time
researching claims that look like outliers. Prepayment systems can edit all claims
but predictive analytics can be applied to the smaller set of claims from providers
who don’t have Gold Card status. This is a much more efficient use of technology
and investigator time.

Slide 22: Thomson Reuters Clients

Our Thomson Reuters clients who use clinically-based analytics include 22 State
Medicaid agencies that are identifying hundreds of millions of dollars in fraud,
waste and abuse. Additionally, CMS has Advantage Suite implemented for all 45
million beneficiaries nationwide. Two ZPICs have been trained and other users are
now being trained. Many of our large employer clients are now focused on
mitigating losses to fraud and abuse. Our public records search engine is used by
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the Department of Justice (DOJ), Health and Human Services (HHS), the
Department of Homeland Security (DHS) and numerous State Law Enforcement
agencies. Perhaps the next step should be to integrate these powerful solutions
to enhance each agencies effectiveness in combating fraud, waste and abuse.

Slide 23: Summary Statement

As documented in the White Papers attached to my testimony, the problem of
fraud, waste and abuse in healthcare is huge. We have done a lot to help our
clients combat this problem. CMS has taken many steps to implement predictive
modeling and clinically-based detection systems. That said, there is still much to
do. Thomson Reuters won’t let up. We will continue to work hard and fast to
deploy the best technologies and subject matter experts to stay ahead of those
who defraud the government. Due to the complexity of these issues, all
stakeholders, including the Department of Justice, state Medicaid agencies and
the Office of the Inspector General should collaborate to leverage these solutions
for the most effective mitigation possible.
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TESTIMONY OUTLINE

« Waste in the U.S. healthcare system, including fighting fraud
and abuse

* The importance of having clinically-based analytics in an
effective Fraud, Waste and Abuse (FWA) system

* The importance of leveraging external data not on claims to
help validate claims accuracy

* The need to Gold Card good providers so we can focus our
data mining and analytics on outliers
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DOCUMENTED WASTE IN THE SYSTEM

oooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooo

Where Can $700 Billion in Waste be

Cut Annually From the U.S. Healthcare

System?

ooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooo

A Path to Eliminating $3.6 Trillion in
Wasteful Healthcare Spending

WHITE PAPER

WHERE CAN $700 BILLION
INWASTE BE CUT ANNUALLY

FROM THE U.S. HEALTHCARE
SYSTEM?

RCEERT KELLEY

VICE PRESIDENT,
HEALTHCARE AMALYTICS
THOMSOM REUTERS
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WHITE PAPER

A PATH TO ELIMINATING
$3.6 TRILLION IN WASTEFUL

HEALTHCARE SPENDING

B. KELLEY

Vice President, Healthcare Analytics
Healthcare & Science

Thomson Reuters
bob.kelley@thomsonreuters.com

R. FABIUS MD

Chief Medical Officer

Healthcare & Science

Thomson Reuters
raymond.fabius@thomsonreuters.com

factsforhealthcare.com

JUME 2010
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FRAUD, WASTE, AND ABUSE COSTS

oooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooo

Cost in Billions

Unwarranted Use $250-325
Fraud and Abuse $125-175
Administrative Inefficiencies $100-150
Provider Inefficiency and Errors  $75-100

Lack of Care Coordination $25-50
Preventable Conditions $25-50
$600-850
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Preventable Conditions and Avoidable Care 6%

Lack of Care Coordination 6%

Provider Inefficiency and Errors
12%

Administrative System Inefficiencies

17%

Fraud and Abuse
19%

Unwarranted Use
40%
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CLINICALLY-BASED ANALYTICS

» Healthcare delivery is complex
* Providers treat beneficiaries differently, for the same condition

+ Claims analysis alone not sufficient to determine appropriateness
of treatment

+ Clinical-based analytics are essential for accurate Fraud, Waste
and Abuse (FWA) detection

* Intelligence needs to be in the software to help the investigator

 Allows rapid and clinically-accurate data mining
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CLINICALLY-BASED ANALYTICS

- Episodes of Care — Aggregates of inpatient, outpatient and drug
claims into 550 disease categories with severity stages. Episode
Grouping enables investigators to validate claims against patient
conditions.

« Admissions — Group together all costs associated with a hospital
stay including the physician care.

 Clinical Measures and Subsets are pre-constructed on the most
common and abused conditions like Diabetes and Narcotics.

« Added clinical intelligence is added to the claims data to facilitate
analysis (e.g., Drug Product Name, Therapeutic Class, and
Clinical Intensity).

 Clinical Methods like Benchmarks, Case-Mix and Age-Sex
Adjustment are necessary to determine true outliers.
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ADVANTAGE SUITE — DIABETES TEST
STRIPS WITHOUT A DIABETES EPISODE
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ADVANTAGE SUITE — DIABETES TEST
o IRIPS WITHOUT A DIABETES EPISODE

016 Diabetic Supplies Not in an Episode

Time Period: Incurred Year
[

2004

Test Strip and Lancet Services

Test Strip and Lancet Services Mot in an Episode

%5 Test Strip and Lancet Services Mot in an Episode

Provider ID ;ﬁd Name

2999313178  West Tall Maple Junction Drugs 1,925 1,808 94%
2999439351 West White River Quality Drugs 4,379 1,123 26%
2999314224  Alpine Valley Drugs 1,142 1,125 99%;
2099381744 West White Bay Mall Pharmacy 1,586 953 60%
2999301866  West Tall Lake City Pharmacy 1,062 655 62%
2999318539  West Tall Pine Park Pharmacy 3,286 802 18%
2999293196 West Tall Island A-1 Pharmacy 1,032 &00 55%%
29995927829  Corner Mall Pharmacy 748 579 785%
2999314307 Red Rose Pharmacy 673 556 B2%
2999395403 W, White Isle Crossing Drugs i 512 66%
2999331751  West White Bay Plaza Pharmacy 1,578 437 31%
2999292503 W, Tall Canyon Junction Drugs 333 477 4%
2099932363 White Valley City Pharmacy 560 477 85%
20994209758 West White Oak Top Rx Pharmacy 490 472 Q6%
2999428701 West White Oak Park Pharmacy 573 445 785%
2999293220 W, Tall Island Crossing Drugs 339 423 43%
2999733350 Beech Tree Pharmacy 1,034 413 40%%
2999450134 West White Valley Pharmacy 425 400 94%
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MEDICAID FWA SURVEILLANCE

Cognos > Public Folders > Medstat MktScan AS Medicaid Demo thmdtbe/72-advomd24 build = [
advom4 24 Hepors = Demo > Template reporis = Adhoc Eepords > SURS
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| Hame 2 | Description
= P Ranking - Behavioral and Mental Health
SEenVICeS
= » Ranking - Blind or Disabled Recipients
= # Ranking - Clinic Senices
= Ranking - Dental Senices
= # Ranking - Home Health Senvices
= P Ranking - Inpatient Hospital Senices
= # Ranking - Laboratory and Radiology Semices
&= P Ranking - Medical Supply Providers
= » Ranking - Nursing Facility Senices
i P Ranking - Quiftient Hospital Senices
B P Ranking - Phy'=fcian Services
= » Ranking - Prescribed Drugs Pharmacy Senices
= # Ranking - Therapy Providers
= # Ranking - Transportation Senvices
= #  Summary Profile - Physician Senices
= P  Summary Profile - Prescribed Drugs Pharmacy
= Summary Profile - Recipients
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Subset IBehavioral and Mental Health Providers
Time Period Jul 2005 - Sep 2005
Met Pay MetPay Scoreof NetPay NetPay Scoreofz  Sves Svcs Per Score of
FerPat PerPat z Score PerSvc PerSvce  Scorefor PerPat PatMed 2 Score
{52} {52} for Net Med Med {57} Net Pay Med {52} {Dyn for Svcs
{Dyn Pay Per {57} {Dyn Per Svc {52} Unadj} Fer Pat
Unadj} Pat Unadj} Med Med
Provider ID and Name
2999543954 5. Blue Sky Cove Home Health | $8974.58 $355.90 477 $3167.50 $E4.56 16.50 283 13.26 0.00
2999368634 Dr. Burnita Keno $11.885.75  $355.90 2.09 $200.04 $64.56 466 5942 13.26 2.08
2999447297  Dr. Dimitri Stripp $1056215  $355.90 2.51 $183.93 $64.56 428 5.4 1326 2393
2999877535 Hillside Meadows Medical Cir $6634.95  $355.90 761 $86.19 $64.56 0.00 76.93 1326 611
2999436134 Inocencia Kileny, PhD $284.93  $855.90 0.00 7387 $E4.56 0.00 386 1326 0.00
2999298914 Dr. Barbara M Swarts $18932.000  $855.90 0.00 t4.17 $E4.56 0.00 4383 1326 0.00
Svcs Per Swes Per Score of z Swvcs Per Swvcs Per Scoreofz  Swvcs Swvcs Psych Score of 2 Quarter Cross Rank
Pat Group PatGroup Score for Pat Indiv Pat Indiv Score for Psych Testing Per Score for Score  Quarter
Counseling Counseling Swvcs Per Counseling Counseling Svcs Per Testing Pat Med Svcs Psych Total
{54} {57} {Dyn Pat Group {57} {5} {Dyn  PatIndiv FPer PFat {57} {Dyn Testing Per Score
Unadj} Counseling Unadj} Counseling Med {57} Unadj} Pat Med
HM A 12 0.00 #H/4 4 ER 0.00 0.00 013 0.00 21.27 .43 1
BN/ E.12 0.00 H#H/A 465 0.00 0.00 013 0.00 1663 BE.19 2
BM/A 612 0.00 BH/4 4 B5 0.00 0.00 013 0.00 15.72 B5.08 3
#M /A 612 0.00 HH/4 4 B5 0.00 0.00 013 0.00 1372 (3.83 4
#M A 12 0.00 2483 4 ER 0.00 0.3 013 0.00 0.00 40.09 5
BN /A, E12 0.00 233 4 ER 0.00 0.00 013 0.00 0.00 79 E
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MEDICAID FWA SURVEILLANCE

©000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000

Report Designer - Ranking - Behavioral and Mental Health Services. rep.axy

b B & T 4
New Qv Seve

@ﬁ@?

Sybsetting  Oplions  Enter Valugs Vahdste Preyew Refersnca:s  Help Egit
Incuered -] Behavioral and Mental a
I IF“’I —I Subszets Heakh Provs F
Coldog < .4, |ROLLING QUARTER | ROLLING GUARTER |ROLLING QUARTER |ROLLING QUARTER
[i2 Dimensions CulsD | || Time Periods {07 oy Previous Curent 2 i
& Customer Favorites
© My Favoiles e HelPag Per et 152) | NotPoyPot Pot(52) Aok fAckallo Dm 2 ocrs o ko of Not Py | Semm oz Scre o
&8 Alphabetic = {Dym Uinad} Uriadi) DwnUnad)l  |NetPayPerPal S
& © By Dimension Provider 1D
I\ Disibastion Rianges and Name
Vahues) [
Totale [IFF
Score Calculation ll
2Score [for Ratio of Net Pay Per Pat (52} {Dyn Unadl)
¥ Upper Limit
s | 2 Thenresutis [Gl=] [ 1
T Lower Limit
i< 0 Thencesutis [= <] | 0
Otherwise the resu iz 0.
0k | Cond | Hebp | JeId
Twne: TFrom Hepordl
2) Statistical Testing A2
Attribute to test acioss:
@ Messures Clrlst {Use Dretaull} Provider 1D and Mame
@ Subsels kS
@ Tine Pesiods Cirle 3) Unigue Count 2]
If totalz are requred, consider using the Unique
== Count Total oplion
Desciplion | *Properties | A |
——lJI, < | »
THOMSOM REUTERS 12

©2011 Thomson Reuters

-~

kBl

N < [0 Thenwsatis [F <] [0

Score Calculation _)il
2 Score (for Ratio of Net Pay Per Pat (SZ) {Dyn Unady))

o> | 2 Thenesutis [fll <] | 1

1 Lower Limit

Otherwise the resul is 0

Ok | come | Hew |




©2011 Thomson Reuters

LINKING PUBLIC RECORDS DATA TO
CLAIMS FOR ENHANCED FWA DETECTION

ooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooo

- Death Records

* Federal and State Sanctions — all States
« Criminal Records

 Liens and Judgments

« Corporate Records

« Corporate Relationships

* Motor Venhicle Records

« Names, AKASs, Other Addresses
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PUBLIC RECORDS SEARCH ENGINE
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Reference: MAA : Each record often contains multiple addresses.
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Order Report: Individual

)
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Data below will be used to generate your report. Mot sure? View Report Desoriptions Customize Desoiptions

[+]

[

Last Mame: SAMPLE-DOCUMENT Basic Report I:I Add Relatives
First Name: JANE Contact Report Relatives - Degree of Separation:

Middle Initial: = 2
DOB: National Comprehensive Report First Second Third
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SSN: 218-08-30000 Provider Comprehensive Report I
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PUBLIC RECORDS SEARCH ENGINE
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Report Design
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OXYCONTIN ABUSE

017 Top 100 Drugs

Subsets | Standard View

Time Period: Incurred Rolling Year | Oct 2004 - Sep 2005

Met Pay Rx Met Pay Per Script Rx | Scripts Per Pat Rx | Scripts Bx
Product Name
ZYPREXA £3,839,153.75 £325.48 6.24 27,157
RISPERDAL $5,465,248.08 £189.55 6.53 34,103
PREVACID £3,302,617.72 £145.99 3.96 22,469
PRILOSEC £3,238,546.31 £164.04 4.42 19,743
SEROQUEL £3,134,453.93 £207.50 &6.00 15,106
CELEBREX §2,783,400.48 s107.16 3.55 25,974
LIPITOR. £2,236,173.80 §36.23 4,28 25,933
PAXIL §2,082,874.62 £92.89 4.25 22,424
MEUROMTIM £1,982,327.17 £115.43 4.57 17,174
OXYCOMNTIN £1,734,914.60 £286.76 5.60 6,050
ZOLOFT £1,668,323.63 §73.22 4.44 22,785
MORVASC £1,649,130.99 §56.73 4.83 29,063
DEPAKOTE £1,569,898.24 £104.31 5.495 15,051

THOMSOMN REUTERS.
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OXYCONTIN ABUSE

017a Top 100 Drugs Schedule II

sSubsets | Standard View
Time Period: Incurred Rolling Year | Oct 2004 - 5ep 2005
DEA Class | schedule II

Met Pay Rx Met Pay Per Script Rx | Scripts Per Pat Rx | Scripts Rx
Product Name
CXYCOMNTIN 51,734,914.60 5280.70 5.80 ©,0350
DURAGESIC 51,027,105.23 5201.91 5,02 5,037
COMCERTA £534,552.78 s78.84 4,22 6,780
ADDERALL XR £410,49564. 31 sMa.M 4.07 5,144
ADDERALL S405,4587.51 577,19 3.20 5,253
MORPHIME SULFATE £195,337.92 S£109. 43 2.94 1,735
METHYLPHEMIDATE HICL 5150,857.54 532.91 3.61 4,554
MS COMTIN 5144,543.53 5152.41 4. 13 @90
AMPHETAMIME SALT COMBO 5141,631.07 571.42 2.35 1,983
ACTIO £126,817.23 5912.35 4,21 139
ORAMORPH SR 120,709,586 5£353.99 2.64 341
PERCOCET £79,390.87 S33.45 2.40 951
EMDOCET s55,221.82 £26.29 2.36 2,951
METADATE CD 556,728.50 549.67 3.30 1,142
DILALIDIC 545,333.77 5106.79 5.832 425
APAP [OXYCODOME £39,247.98 511.03 1.69 3,559

THOMSOMN REUTERS. 18
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OXYCONTIN ABUSE

—| People ¥+ THAT HAVE

Lower walue:  Upperwvalue:

[V] sum of: % Days SupplyRx = Greaterthan v 180

where <. is constrained by » F

‘l Froduct Mame = Equalto *  OEYCOMTIN | -

% iz summed across: (») each time period in the report (imited by F )
I entire database (imited by T
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018 Drugs taken by Heavy Oxycontin Users

I

Subsels}

017 Pats w GT 180 Days Oxycontin

Time Period: Incurred Year | 2005
DEA Class | schedule II
Patients Rx | Days Supply Rx

Product Name

OXYCONTIN 335 92,392
OXYCODOME HCL 46 5,236
DURAGESIC 32 2,436
ROXICODONE 30 2,993
APAP fOXYCODOMNE 26 934
QXY IR 25 2,010
ROXICET 23 1,878
EMDOCET 21 1,464
MORPHIME SULFATE 19 1,130
PER.COCET 15 950
ACTIO 14 925
METHADOME HCL 12 1,081
HYDR.OMORPHOME HCL 10 877
EMDODAMN 9 924
DILALDID B 662
MEPERIDIME HCL B £
METHADOSE 5 245
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019 Top Oxycontin Users

019 Top Oxycontin Users

Subsets | 017 Pats w GT 180 Days Oxycontin Subsets | 017 Pats w GT 180 Days Oxycontin

Time Period: Incurred Year | 2005 Time Period: Incurred Year | 2005
DEA Class | Schedule II DEA Class | Schedule II
Days Supply Rx Days Supply Rx
Product Name | Oxycontin | &l Other Values Product Name | Oxycontin -~ | All Other Values

Person ID Person ID
00000155068220 PHR. a0 Q0000117537240 PHR. 420
00000203895225 PHR. 520 Q0000134160391 PHR 413 30
00000103975451 PHR. 540 131 00000167657375 PHR 404 41
00000 104422542 PHR. 540 00000207341637 PHR 400
00000154387589 PHR. 540 & 000001258265226 PHR 334 453
00000158563821 PHR. 340 165 0000139569662 PHR 332 209
Q0000199917548 PHR. 540 00000140 128548 PHR. 379 29
Q0000143792143 PHR. 510 0000020645 7448 PHR. 378 300
00000125487214 PHR. 493 Q0000202132490 PHR. 375 143
00000138426643 PHR 473 37 00000114596475 PHR 370 255
Q0000170075199 PHR. 450 8 00000142455273 PHR. 363 16
00000180733698 PHR 455 0000206498693 PHR 364 235
00000203206057 PHR 455 170 000001038355224 PHR. 360 13
00000108963338 PHR 451 263 00000207734021 PHR 360 202
00000203829648 PHR. 450 000001238223653 PHR. 359 173

THOMSOM REUTERS
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OXYCONTIN ABUSE

©000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000000

Home Patient List Export To PDF  Help Disease and Drug Reference Sign Out

mﬂ HEDSTAT@ Y ' "3 BETTER INFORMATION.
ADVANTAGE SUITE Aol ' T BeTTeR ResuTs.

Patient Health Record

e
( Patient Summary Recommended Care Episodes of Care Details b

Person ID: 00000123822363
Patient Demographics

Gender: Male Age In Years: 80 Plan Type Medstat: Indemnity (FFS)
Plan: Fee For Senvice PCP Name: ~Missing

Episode Summary
Applied Filter Criteria:

Advanced Sort + | Filter + | Rows 1.3 of 3
: High . Epis End Epis . : Allowed
Ezfalﬁzl DE’E:?IE Episode Group Disease High Disease Stage Epg.atsetart Date LEnig;h Managing Alc:_inrgs gﬁr;p;;: Amaunt Episode ID
Stage Code e P Phys Name P P Epis Total

Diabetes Mellitus Type

Wed R 2 & Unspec Type 1.03 Asymptomatic diabetes 011412006 | 1211312008 133 | -Mising U . om0t st
Maintenance mellitus type 2

Minor disorder of globe,

Med Rx Other Eye Disorders [ 1.01 cysts, foreign body in eye, | 05/06/2005 |05/06/2005 1| ~Missing 0 0 $130| 1206620925801
other visual problems
Diabetes Meliitus Type Asymptomatic diabetes
Med Rx 2 & Unspec Type 1.03 ymp 12/18/2004 | 01/13/2005 26 | ~Missing 0 0 $3,596 | 1206620876701

mellitus type 2

Maintenance

THOMSOMN REUTERS. 21
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RECOGNIZE PROVEN LOW RISK
PROVIDERS WITH GOLD CARD STATUS

ooooooooooooooooooooooooooooooooooooooooooooooooo

&7 THOMSON REUTERS

oooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooo

Gold Card providers are
reviewed less frequently

Allows the majority of
investigative effort to be
dedicated to outliers

Allows pre-payment algorithms to
process less data

Measure Return on Investment
(ROI) consistently across
stakeholders

22
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THOMSON REUTERS ADVANTAGE SUITE
CLIENTS

ooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooooo

- 22 State Medicaid Agencies
— Achieving hundreds of millions of dollars in savings

« Being adopted by increasing number of 200 Large Employer
Clients

« CMS — One Program Integrity (One PI)

Next step might be to integrate DOJ, HHS, DHS
and State Law Enforcement Agencies

&7 THOMSON REUTERS 23
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SUMMARY STATEMENT

As documented in the White Papers attached to my testimony, the
problem of fraud, waste and abuse in healthcare is huge. We have
done a lot to help our clients combat this problem. CMS has taken
many steps to implement predictive modeling and clinically-based
detection systems. That said, there is still much to do. Thomson
Reuters won't let up. We will continue to work hard and fast to
develop and deploy the best technologies and utilize subject matter
expertise to stay ahead of those who defraud the government. Due
to the complexity of these issues, all stakeholders, including the
Department of Justice, state Medicaid agencies and the Office of
the Inspector General should collaborate to leverage these
solutions for the most effective mitigation possible.

£ THOMSON REUTERS 24



EDUCATION

Graduate level training at Columbia University
B.S., Mathematics, University of South Carolina

KEY COMPETENCIES

23 years of healthcare industry experience

Nationally recognized fraud expert who has testified before Congress on this subject

Expert knowledge of fraud and abuse detection methodologies

Extensive analytic database construction experience with advanced analytic investigation techniques
Hands-on experience in algorithm design and development

Over 20 years of intensive team leadership experience

Significant project management experience

PROFESSIONAL EXPERIENCE

THOMSON REUTERS (HEALTHCARE) INC., ANN ARBOR, MICHIGAN
VP AND PRACTICE LEADER, PAYMENT INTEGRITY
2010 - PRESENT

Provide leadership in the support and development of payment integrity solutions. Primary focus on the
U.S. payer market, but also supports the company’s expansion into healthcare globally.

Continue to serve as a senior consultant for Fraud and Abuse engagements.

VICE PRESIDENT, CLIENT SERVICES, FEDERAL OPERATIONS
1997 - 2010

Served as senior consultant for Fraud and Abuse engagements, assisting Medicaid and Medicare in the use
of fraud and abuse detection systems, including:

- Provision of guidance in algorithm development;
- Results analyses;
- Prioritization of potential cases for further analysis and investigation.

PROGRAM DIRECTOR FOR ALL THOMSON REUTERS HEALTHCARE PROJECTS IN THE FEDERAL
GOVERNMENT MARKET, INCLUDING:

One Pl — Thomson Reuters is a subcontractor to SGS on CMS’s One Program Integrity System Integrator
project. The vision for One Pl is to implement a fraud-focused, innovative and comprehensive integrated
data repository for fraud detection in the Medicare and Medicaid programs, including the Medi-Medi
program.

MAC J3 — Thomson Reuters is a subcontractor to Noridian Administrative Services on the Medicare
Administrative Contractor Jurisdiction 3 (ND, SD, MT, AZ, WY, UT) project. We collect and warehouse the
paid claims for these six states on a daily basis. Data is then analyzed for the MAC J3 project; analytics
include program integrity, edit effectiveness, pre and post-pay medical review support, probe investigations,
edit development and provide review and investigation.

PSC/ZPIC — Thomson Reuters supports CMS’s anti-fraud Medicare Integrity Program as part of the

AdvanceMed Program Safeguard Contractor team. We provide data analyses and decision support
systems that enable more rapid and reliable detection, investigation, and recovery of program dollars
associated with fraud and abuse for OH, WV, KY, TN, NC, AR, OK, and LA.

THOMSON REUTERS



- Ms. MacQuarrie personally designed and developed the matching algorithms that link beneficiaries
and providers across Medicare eligibility, Medicaid eligibility, Medicare claims, and Medicaid
claims. She then presented these techniques to senior CMS staff.

PSC/ZPIC — We support Trust Solutions on its IL Medi-Medi project. We performed several analyses where
Illinois Medicaid and Medicare data were linked with MDS Assessment data in order to perform complex
analysis, including provider collusion and network fraud.

SAC — We served as program integrity subject matter experts on the Statistical Analysis Center contract for
CMS. For this contract, we developed a 500 million row analytically ready database of healthcare claims
activity for Medicare beneficiaries in three states. This project was a demonstration of the effectiveness of
linking different claim types in Medicare, offering a person-level view of utilization to support program
vulnerability identification.

- Using this database and Thomson Reuters’ fraud detection tools, Ms. MacQuarrie and other

Domain Experts identified millions of dollars of overpayments and vulnerabilities.

CMS Chronic Care Improvement National Data Sample project - For this MMA project, we built an
analytically enhanced database of claims for 7 million Medicare beneficiaries with chronic conditions like
diabetes, CHF, and COPD. These data were risk adjusted and grouped into episodes of care; we then
developed reports used to design the CCI program, including those published on the CMS website.

SECTOR ANALYTICS, RESTON, VIRGINIA
DIRECTOR, CLIENT SERVICES
1996 — 1997

Managed all client deliverables, including every fraud and abuse analysis, for a fraud and abuse detection
and investigation company. Defined algorithms, provided interface to technical development and execution
of algorithms, and presented results and recommendations to clients.

Worked with clients to prioritize potential fraud and abuse cases warranting further investigation.

VIPS, INC., TOWSON, MARYLAND
VICE PRESIDENT, DECISION SUPPORT SYSTEMS
1984 — 1996

Maintained total responsibility for design, development, and implementation of the commercial fraud and
abuse software system, STARS.

Led the development of algorithm definitions and the case management system.

Led the development of all product documentation and collaterals including User Manuals, Installation
Guides, and sales materials.

Led the STARS installations in more than 20 Medicare carrier sites and three Medicaid state agencies. Also
worked with clients to maximize findings using the STARS software.

Led the sales team responsible for selling STARS to Federal, state and commercial clients.

Led ViPS diversification efforts for five years. This entailed product conception, ROI analysis, product
development, sales and implementation activities for four products in various markets.

PUBLICATIONS/PRESENTATIONS

Lead Presenter to the FBI Managers National Health Care Conference on Fraud and Abuse, 2003
Testified to the House Commerce Committee on Medicaid Fraud and Abuse
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Committee on Oversight and Government Reform
Witness Disclosure Requirement — “Truth in Testimony”
Required by House Rule X1, Clause 2(g)(5)

Name: Jean MacQuarrie

1. Please list any federal grants or contracts (including subgrants or subcontracts) you have received since October 1, 2008.
Include the source and amount of each grant or contract.

NONE.

2. Please list any entity you are testifying on behalf of and briefly describe your relationship with these entities.
Thomson Reuters (Healthcare) Inc.

I have been employed by Thomson Reuters for 14 years. | am the Vice President of the Healthcare Payment Integrity
Practice.

3. Please list any federal grants or contracts (including subgrants or subcontracts) received since October 1, 2008, by the
entity(ies) you listed above. Include the source and amount of each grant or contract.

See Attachment 1.

I certify that the above information is true and correct.

Signature: %mlg e Date: March 31, 2011
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Cust. ID Customer Name City State 2008 2009

iesse  [rswedicalGowp  |mobnsars  Joa |
res  lswedcalGowp  |wigntPatersonars  Jon |
pooers |ndvanceeane  seng | |
11058 |agency for Healthcare Research and Quality (AHRQ)  |Rockvile  |wp |
116141 |MaskaNatonalGuad |rotmchawsn |k |
115755 |poadofveteransAppeals  |washingon  |pc |
i10s85 |rooknaven Nationaltaboratory  fupn  |w |
114980 |purcavofNarcoticEnforcement |sacramemo |oa |
105026 lcariTHaydenvAMedicalCenter  lproenx |z |
10206 |central Arkansas veterans Healthcare System _|titlerock | |
iise6s |centialimeligenceAgency  |washingon ___|pc |
111477 lcheyemevamedicalGonter  |cheyeme  |wy |
R S v R
b0 lomsapwacss  lrage  |w |

(30)
$563
$666

$78,167
$100
$703
$61,578
$31,867
$652
$242,604
$15,979
$334
$2,213
$1,827
$2,829
$93
$75,036
$8,205
$0
$82,428
$652
$6,459
$1,925
$552,504

20295 1,428,076

(30)
$2,385
$1,998

$702,235
$417
$2,872
$257,450
$112,271
$1,522
$1,980,849
$71,314
$1,435
$9,075
$8,169
$9,580
$401
$335,973
$33,710
$19,208
$364,059
$2,674
$29,174
$8,582
$2,062,852
$9,468,706

$605
$1,023
$2,539
$1,669,918
$422
$2,954
$248,377

$72,272
$1,484
$4,648
$6,235
$17,003
$0
$347,180
$29,944
$20,168
$89,297
$1,370
$29,841
$9,639
$766,860
$9,920,505

$403
$411
$846
$400,516
$70

$492
$40,418

$5,983
$124

$2,346

$59,303
$4,531
$3,462

$4,973
$4,694
$126,063
$634,202
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Cust. ID Customer Name City State 2008 2009

11628 |combat Center FireDepartment  |oopams  Joa |
100051 |computer Sciences Coporaton  |eiSequndo  Jon |
115623 |congressionalBudgetofice  |washingon _____|pc |
11205 |peimarva Foundation for wedicalcre  |eason  |w |
202950 |pepartment Of Defense Office Of The Actuary ____|adingon v |
T e e T
120055 |prug Enforcement Administration ______|springfila ______|va |
101662 |owight D Eisennower Army Medical Center _____________|rortGordon ______Joa |
isies  lewadsars  |edwawsars  Joa |
et lpoacoer  |swersping  |w |
11682 |Federal Aviation Administiaton _________|ouanomacy Jok |
10817 |FederalBurcauotinvestigation  |ouamico | |
106774 |FoodandDrugAdministraton  |mockile _____ |w |
isor  |FortmaggAmysase  |eeegs v |
busoss |wpenempmiseseRviessuc |||

$28,464
$703
$1,718

$3,781
$9,504
$4,263

$2,813
$937,806
$100
$884
$3,166

$1,715
$3,056
$9,417
$2,549
$5,112
$3,399

$252
$703
$0

$2,895

$3,933
$2,678,015
$107,127
$17,547
$818,879
$11,675
$4,760,955
$301
$3,714
$5,770
$1,744
$6,493
$13,806
$44,072
$5,949
$20,950
$6,798

$755
$234
$0

$2,954

$15,732
$2,489,735
$103,059
$17,903
$3,581,067
$2,954
$3,802,554

$3,714
$3,940
$2,990
$0
$10,855
$42,017
$10,708
$18,180

$7,129

$182,025

$0

$1,071

$492

$2,622

$780,225

$13,806

$2,984

$420,011

$661,744

$1,231
$498

$5,768

$21,497
$60,675

$238
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119220 |Maryland Ay NationalGuard _ |rortmeate _ |wp |
107665 |vathematicaPolioyResearch  |washingon _____|pc |
117264 |t Home AFS Medical Faciliy (366th MeicalGroup) _______|MtHomeAFB ||
115986 |NavalHealthCiinicNewEngand  |wewpot |m |

$34,348
$95
$773
$25,611
$440

$370

$1,846
$703
$22,000
$0
$2,512
(30)
$1,210
$383
$1,622
$3,086
$27,609

$180,569

(30)
$567

$151,703
$432
$2,578
$102,677
$4,835
$1,155,077
$1,840
$23,755

$3,077
$2,860
$36,494
$0
$4,557
(%0)
$5,132
$1,550
$7,087
$13,289
$56,823
$56,541
$593,630
$5,011
$0
$2,533

$36

$77,530

$1,536,219
$2,039
$72,453
$727,712

$2,954
$13,333
$250
$4,736
$491
$5,190
$1,607
$7,924
($0)
$2,215
$110,530
$147,341
$5,059
$1,104
$2,578

$212,489
$262
$12,471
$150,000

$492

$500
$789
$491
$865
$268
$1,321

$17,996
$1,381
$892
$442
$430
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Cust. ID Customer Name City State 2008 2009

pososz lomowedimes  |eoeay  Jou |
bososs |omowestvirgimiapse  |ooeay  Jou |
isss  lpcatnnyaisend  leeatmy  w |
100278 |reynolds Army Community Hospital  |retsn  Jox |
102660 |Richard L Roudebush VA MedicalCenter ____________|indianapolis ||
120516 |sendianationallaboratories  |tvemore  Joa |
iees  lsowkusar  |wahingen  |pc |
114004 [TananachiefsConferencenc  |rabaks ||
203070 |TennessceNorth CarolinaPsc  |seng | |

116514 |Texas Army National Guarg pustin  fx
115717 Theater Medical Information Program (TMIP) -

ioses2 [Tripler Army MedicalGenter  |Wono  |w |
20283 |uS RalhoadRetvementBoad  |oheae i |
11502 |uniformed Service Uniersity o the Health Science _______|pethesda_______|wp |
120573 |united States Departmentofdustice ___________|washingon ______|pc |
s lusamycopsotengresssavaman  lsoaman  Joa |
115399 |UsAmy Wedical vaterialAgency |rortpewick _____|wp |

$28,125
$38,374
$136,672
$675
$1,590
$74,081
$4,835
$156,030

$3,286
$952
$13,269

$4,779

$0

$337
$1,577
$134

$649
$544
$703
$2,903

$116,955
$109,289
$365,637
$1,434
$7,107
$324,103
$18,406
$104,020
$12,900
$2,191
$3,226
$26,339
$985
$19,356
$0

$0

$5,891
$5,257
$403
$804
$2,164
$2,230
$2,860
$12,615

$167,004
$365,159
$1,969
$5,425
$329,656
$7,446

$51,600

($1,341)
$1,969
$20,324
$1,626
$3,110
$98,740
$12,319
$8,969

$1,546

$2,285

$2,954
$14,465

$18,746
$16,667

$54,540

$8,600

$3,513
$406
$2,074
$25,053
$2,053
$1,196

$247

$381

$492
$2,411
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035 |uscrminalivestigationtab  |roesteak  Joa |
sras  Juseen  |washingen  |pc |
116099 |usGeneralAccountingOfice |washingon _____|pc |
5760 |uspaentsandTrademas  |dewndia  |va |
120347 |US Supreme Court of the United States Library _________|washington_______|pc___|
17383 |useHidianMedthSeviees  |mocile  |w |
1144 |VAEastemcoloradorcsPkg  lpewer  Jco |
117218 |vAMedical Conter -Washingtonoe  fausin  |x |
100433 |VAMedicalCenterFtHaison |rotHamsn _ |ur |
111458 |VA Tennessee Valley Healthcare System Nashvile Campus ___|Nashvile ||
oot |vavcwhnieGiyoregonvisn2o  leotans  Jor |
120755 |VISN 18 Consolidated Mail Outpatient Pharmacy  |Twesn |z |
112073 |VISN 21 Veterans Affairs SerraPasificNetwork  |waeisiand |oA |

($333)
$337
$21,141
$7,079
$2,656
$186
$121,178
$8,119
$2,711
$66,196
$0
$3,921
$59,402
$8,303
$60,167
$71,630

$68,391
$439
$33,728
$1,708
$24,786
$62,000
$50,418

$3,261
$1,364
$71,630
$28,317
$10,933
$1,048
$477,474
$32,882
$18,294
$270,218
$12,152
$15,685
$197,460
$65,196
$268,997
$293,974

$262,271
$585
$112,428
$3,417
$106,289
$206,665
$167,809

$4,223
$1,415
$29,347
$16,734
$10,243
$1,079
$501,240
$34,100
$28,018
$275,398
$6,922
$16,184
$110,908
$57,578
$277,190
$289,759
$50,820
$873
$284,520

$199,345

$112,790

$357,499
$286,235

$360
$236

$859
$1,780
$189
$41,663
$5,683
$4,543

$617

$18,003

$179
$47,913
$49,696

$175
$49,193

$28,151

$19,268

$49,554
$38,165
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Cust. ID Customer Name City State 2008 2009

s2798  $174757 5183495 531456
855107 $246375  $53872  S43870
si77 60

112056 |viows ot Nourse Rogers Wemora veterans ooy Joeotors _Jun | 85021 s0
N N e v VR ser7al  sseTL 9983
s sas  sied s2a0
116096 |washingtonNationalGuad  fracoma  |wa | I
121384 |workers Compensation Review Center ________________|Amapolisdunction ___|wp___| s  siers

$6250  $341005  $a28,837

$5,167,500 $30,876,755 $31,170,957 $4,368,279
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